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ABSTRACT 

This study investigates the impact of AI-powered automation on Salesforce testing, focusing 

on improvements in efficiency and accuracy compared to traditional methods. The research 

addresses the challenge of ensuring robust testing processes in complex CRM environments, 

where conventional methods often fall short. A comparative analysis was conducted using 

both traditional and AI-powered testing tools, with metrics including test execution time, 

accuracy rates, and error detection rates. The results reveal that AI-powered tools 

significantly enhance testing efficiency, reducing execution time by 40% and increasing 

accuracy by 15%, with a 20% improvement in error detection. These findings suggest that AI 

can substantially optimize Salesforce testing by automating repetitive tasks and providing 

advanced analytical capabilities. However, challenges such as initial setup costs and 

integration with existing frameworks were also identified. The study concludes that AI-

powered testing offers considerable benefits, but organizations must weigh these against 

practical considerations for effective implementation. 

Keywords: AI-powered automation, Salesforce testing, efficiency, accuracy, error detection 

Introduction 
The advent of artificial intelligence (AI) has catalyzed transformative changes across various 

domains, with significant implications for software testing. One area where AI's potential is 

increasingly being explored is in the realm of Customer Relationship Management (CRM) 

systems, particularly Salesforce. Salesforce, renowned for its comprehensive suite of tools 

designed to manage customer interactions and streamline business processes, represents a 

critical component of many organizations' operational frameworks. However, the complexity 

and scale of Salesforce implementations present substantial challenges in ensuring the 

accuracy and efficiency of testing processes. Traditional testing methodologies, while 

effective to a degree, often struggle to keep pace with the evolving demands of modern CRM 

systems. 

The integration of AI-powered automation into Salesforce testing promises to address these 

challenges by enhancing both the efficiency and accuracy of testing procedures. AI tools can 

leverage machine learning algorithms, natural language processing, and predictive analytics 

to optimize test execution and improve error detection. These advanced capabilities enable AI 

systems to analyze vast amounts of data, identify patterns, and make predictions that would 

be beyond the scope of manual testing efforts. As a result, AI-powered testing solutions have 

the potential to not only accelerate the testing process but also to significantly reduce the 

incidence of errors and enhance the overall quality of the CRM system. 

The effectiveness of AI in Salesforce testing is underscored by its ability to automate 

repetitive and complex tasks, which traditionally required extensive manual effort. For 

instance, AI can streamline the process of generating and executing test cases, as well as 
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analyzing test results. By automating these tasks, AI-powered tools can reduce the time and 

effort required for testing, allowing organizations to deploy updates and new features more 

rapidly. Additionally, AI’s predictive capabilities can help anticipate potential issues before 

they arise, leading to a more proactive approach to quality assurance. 

Moreover, the application of AI in Salesforce testing extends beyond mere automation. AI 

systems can enhance the accuracy of testing by providing more nuanced insights into system 

behavior and performance. For example, AI can analyze user interactions and workflow data 

to identify potential bottlenecks or inefficiencies that may not be apparent through traditional 

testing methods. This deeper level of analysis helps ensure that the CRM system functions as 

intended under a variety of conditions, ultimately leading to a more robust and reliable 

solution. 

Despite the promising advantages, integrating AI into Salesforce testing also presents 

challenges. Organizations must consider factors such as the initial setup cost, the learning 

curve associated with new technologies, and the need for ongoing maintenance. Evaluating 

these factors is crucial for making informed decisions about adopting AI-powered testing 

tools. Additionally, understanding how AI tools fit into the existing testing framework and 

how they interact with traditional methods is essential for achieving a seamless integration. 

The integration of AI-powered automation into Salesforce testing represents a significant 

advancement in addressing the challenges associated with complex CRM systems. By 

enhancing testing efficiency and accuracy, AI tools offer the potential to transform how 

organizations ensure the quality and performance of their Salesforce implementations. As AI 

continues to evolve, its role in software testing is likely to expand, offering new opportunities 

for improving testing processes and outcomes. 

Research Gap 

The rapid advancement of artificial intelligence (AI) has profoundly impacted various fields, 

yet its application within the domain of Salesforce testing remains relatively underexplored. 

Salesforce, a cornerstone of many organizations' CRM strategies, is characterized by its 

complex workflows and extensive customization. As CRM systems become more 

sophisticated and integral to business operations, ensuring their accuracy and efficiency 

through rigorous testing is crucial. However, traditional testing methodologies often struggle 

to keep up with the complexity and scale of modern Salesforce implementations. This has 

created a significant research gap in understanding how AI-powered tools can address the 

unique challenges associated with Salesforce testing. 
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Figure1: Components of AI-powered automation in salesforce training 

Current literature on Salesforce testing predominantly focuses on traditional methodologies, 

such as manual testing and scripted automation, which often fall short in handling the 

dynamic nature of CRM systems. Manual testing, while thorough, is time-consuming and 

prone to human error, while scripted automation can become outdated as systems evolve. 

These methods also tend to lack the adaptive capabilities required to handle complex, real-

time scenarios inherent in Salesforce environments. While AI has shown promise in other 

domains of software testing, there is limited research on its application to Salesforce testing, 

particularly regarding its impact on testing efficiency, accuracy, and error detection. 

Furthermore, there is a lack of comprehensive studies that compare AI-powered testing tools 

with traditional methods within the context of Salesforce. This includes an absence of 

empirical data on how AI tools perform in real-world Salesforce environments and their 

effectiveness in improving test execution times and accuracy rates. The existing research 

often fails to address the practical challenges of integrating AI into established testing 

frameworks and the associated cost implications. Thus, there is a clear need for research that 

explores these aspects in depth and provides empirical evidence on the benefits and 

limitations of AI-powered testing for Salesforce. 

The research gap highlights the need for a detailed investigation into how AI-powered tools 

can be effectively employed in Salesforce testing. This includes understanding their impact 

on key testing metrics, such as efficiency and accuracy, and evaluating their potential to 

address the limitations of traditional testing approaches. Addressing this gap will provide 

valuable insights into the practical benefits of AI integration and guide organizations in 

making informed decisions about adopting AI-powered testing solutions. 

Specific Aims of the Study 

The specific aims of this study are centered around exploring and evaluating the impact of 

AI-powered automation on Salesforce testing processes. The study aims to address the 

following: 

1. To Evaluate the Efficiency of AI-Powered Testing: One of the primary aims is to 

assess how AI-powered testing tools enhance the efficiency of the Salesforce testing 

process compared to traditional methods. This involves measuring the time taken for 
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test execution, the reduction in manual effort required, and the overall improvement in 

the speed of deploying new features and updates. 

2. To Assess the Accuracy of AI-Powered Testing: Another key aim is to determine 

the effectiveness of AI-powered tools in improving the accuracy of Salesforce testing. 

This includes evaluating the precision of test results, the ability of AI to detect errors 

and anomalies that traditional methods might miss, and the overall reliability of the 

testing process. 

3. To Compare AI-Powered Testing with Traditional Methods: The study aims to 

provide a comparative analysis of AI-powered testing tools versus traditional testing 

methods. This involves analyzing key performance metrics, such as error detection 

rates, accuracy rates, and test execution times, to highlight the advantages and 

limitations of each approach. 

4. To Explore the Practical Implications of Integrating AI in Salesforce Testing: 

The study aims to understand the practical challenges and considerations associated 

with integrating AI-powered tools into existing Salesforce testing frameworks. This 

includes evaluating the setup costs, the learning curve for adopting new technologies, 

and the ongoing maintenance requirements. 

By achieving these aims, the study will provide a comprehensive understanding of how AI-

powered testing tools can transform Salesforce testing processes and offer practical insights 

for organizations considering their adoption. 

Objectives of the Study 

The objectives of this study are designed to systematically address the research aims and 

provide a structured approach to evaluating AI-powered testing in Salesforce environments. 

The specific objectives include: 

1. To Analyze the Architecture of AI-Powered Testing Models: This objective 

involves examining the design and integration of AI tools within the Salesforce 

testing framework. Understanding the architecture will provide insights into how AI 

components interact with Salesforce systems and optimize testing processes. 

2. To Conduct Empirical Testing with AI-Powered Tools: The study will involve 

setting up testing environments to compare the performance of traditional testing 

methods with AI-powered tools. This includes executing a series of tests on 

Salesforce CRM workflows and collecting data on metrics such as test execution 

time, accuracy rate, and error detection rate. 

3. To Perform Statistical Analysis of Testing Metrics: The collected data will be 

analyzed using statistical methods to evaluate the effectiveness of AI-powered testing 

tools. This includes comparing metrics between traditional and AI-powered testing 

methods and identifying any significant improvements in efficiency and accuracy. 

4. To Evaluate the Cost and Practical Implications of AI Integration: The study will 

assess the financial and operational aspects of implementing AI-powered testing tools. 

This includes analyzing setup costs, maintenance requirements, and the overall return 

on investment associated with adopting AI technologies. 

5. To Provide Recommendations for Best Practices: Based on the findings, the study 

will offer recommendations for organizations on how to effectively integrate AI-
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powered testing tools into their Salesforce testing processes. This includes identifying 

best practices and strategies for maximizing the benefits of AI automation. 

By achieving these objectives, the study will offer a detailed evaluation of AI-powered 

testing tools and their impact on Salesforce testing, providing actionable insights for both 

researchers and practitioners. 

Hypothesis 

The hypothesis of this study is based on the anticipated benefits of AI-powered automation in 

Salesforce testing. The primary hypothesis is as follows: 

H1: AI-powered testing tools significantly improve the efficiency and accuracy of 

Salesforce testing compared to traditional testing methods. 
This hypothesis posits that the integration of AI technologies will result in measurable 

improvements in testing processes. Specifically, it is expected that AI-powered tools will 

reduce the time required for test execution, increase the accuracy of test results, and enhance 

the detection of errors and anomalies. Additionally, the study hypothesizes that AI-powered 

testing will offer a more efficient and cost-effective solution compared to traditional methods, 

despite the initial setup and maintenance costs. 

The hypothesis is grounded in the premise that AI's advanced capabilities in data analysis, 

pattern recognition, and predictive analytics will address the limitations of traditional testing 

approaches. By automating repetitive tasks and providing deeper insights into system 

performance, AI is anticipated to deliver significant improvements in both testing efficiency 

and accuracy. The study will test this hypothesis through empirical data collection and 

statistical analysis, providing evidence to support or refute the proposed benefits of AI-

powered testing tools. 

Research Methodology 

Overview 

The research methodology employed in this study aims to evaluate the effectiveness of AI-

powered automation in Salesforce testing. The approach is structured to provide a 

comprehensive understanding of how AI tools enhance testing efficiency and accuracy 

compared to traditional methods. The methodology involves architectural analysis, empirical 

testing, and data analysis, each contributing valuable insights into the overall impact of AI 

integration. 

Architectural Analysis 

The initial phase of the research involves analyzing the architecture of the proposed AI-

powered testing model. This includes identifying and understanding the key components of 

the model, such as the AI Engine, Salesforce CRM, and data layers. The AI Engine is 

responsible for data preprocessing, predictive analytics, and error detection, while the 

Salesforce CRM serves as the core system under test. The data layers manage and process 

information before it is analyzed by the AI Engine. This architectural analysis is crucial as it 

provides a clear picture of how the AI tools are integrated into the existing Salesforce 

ecosystem. Understanding the architecture helps in assessing how AI optimizes various 

testing functions and ensures seamless interaction with the CRM system. 

Empirical Testing 

Empirical testing is conducted to measure the practical impact of AI-powered automation on 

testing processes. This involves setting up two distinct testing environments: one utilizing 
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traditional testing methods and the other employing AI-powered tools. Testing is performed 

on the same set of CRM workflows and scenarios in both environments. Key metrics 

collected include test execution time, accuracy rate, and error detection rate. Test execution 

time measures how long it takes to complete the testing process, while accuracy rate and error 

detection rate assess the correctness and effectiveness of the tests. Empirical testing is 

essential for directly comparing the performance of traditional and AI-powered testing 

methods. This approach provides quantitative data on how AI tools improve testing 

efficiency and accuracy, offering concrete evidence of their benefits. 

Data Analysis 

Following empirical testing, the collected data is analyzed to interpret the results and draw 

meaningful conclusions. This analysis involves several steps: comparative analysis of 

metrics, trend analysis over time, and cost-benefit evaluation. Comparative analysis involves 

comparing test execution times, accuracy rates, and error detection rates between traditional 

and AI-powered testing methods. Trend analysis examines changes in these metrics over time 

to assess the consistency of improvements. Cost-benefit analysis evaluates the financial 

implications of adopting AI tools versus sticking with traditional methods. Statistical tools 

and visualization techniques, such as bar charts and line graphs, are employed to present the 

data clearly. This detailed analysis is crucial for understanding the extent of improvements 

provided by AI tools and their impact on testing efficiency and accuracy. 

Algorithm for Metrics Calculation 

To quantify improvements in testing efficiency and accuracy, the following algorithm is 

used: 

1. Input Data: Gather raw data on test execution times, accuracy rates, and error 

detection rates from both traditional and AI-powered testing environments. 

2. Preprocessing: Normalize the data to ensure consistency and comparability. 

 
This algorithm ensures a standardized approach to calculating and comparing improvements, 

providing a clear and objective measure of the benefits achieved through AI-powered testing. 

Information Provided 

The architectural analysis establishes a foundational understanding of how AI tools are 

integrated into the Salesforce testing framework, which is essential for assessing their 

functionality and effectiveness. Empirical testing provides direct, quantitative evidence of 

how AI impacts key performance metrics, such as test execution time, accuracy, and error 

detection. Data analysis synthesizes this evidence to offer a comprehensive evaluation of AI 
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tools' benefits, helping stakeholders make informed decisions about adopting AI-powered 

automation in their testing processes. 

Results 

1. Architecture and Implementation Insights 

 
Figure 1 shows the architecture of the proposed AI-powered Salesforce testing model. This 

architecture includes key components such as the AI engine, Salesforce CRM, data layers, 

and integration points. The AI engine handles data preprocessing, predictive analytics, and 

error detection. Integration with Salesforce CRM ensures that the AI module operates within 

the existing system framework, providing seamless automation. 

 
Figure 2 details the implementation of the AI testing module, outlining stages from 

integration through deployment. The diagram emphasizes the sequential steps and 

interactions among various components, illustrating the practical aspects of setting up the AI-

powered testing environment. 

2. Efficiency and Accuracy Improvements 
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Figure 3 compares the AI-powered testing process with traditional methods. The figure 

highlights a reduction in testing steps and time with AI tools. 

Table 1: Comparison of Traditional vs. AI-Powered Testing Metrics 

Metric Traditional Testing AI-Powered Testing 

Average Test Time (min) 120 66 

Accuracy Rate (%) 80 95 

Error Detection Rate (%) 70 90 

Data Analysis and Scientific Interpretation: 
 Average Test Time: AI-powered testing reduced average test time from 120 minutes 

to 66 minutes. This 45% reduction demonstrates the effectiveness of AI in automating 

and accelerating the testing process. The decreased time is attributed to AI’s ability to 

perform multiple tests simultaneously and streamline repetitive tasks. 

 Accuracy Rate: The accuracy rate improved from 80% to 95%, an increase of 15 

percentage points. This significant improvement reflects AI’s advanced algorithms 

that enhance error detection capabilities, providing more reliable test results. AI's 

predictive analytics and machine learning contribute to this enhancement by 

identifying and correcting errors that traditional methods might miss. 

 Error Detection Rate: The error detection rate increased by 20 percentage points, 

from 70% to 90%. This improvement indicates that AI tools are more adept at 

recognizing a broader range of errors, including complex and subtle issues, thus 

improving overall testing quality. 



 
 

 
 
 
 
 
 
 
 
 

Content from this work may be used under the terms of the Creative Commons Attribution-
ShareAlike 4.0 International License that allows others to share the work with an acknowledgment 
of the work's authorship and initial publication in this journal.  

53 

VOL: 07 NO:01  2024 

Unique Endeavor in 
Business & Social Sciences 

 
Figure 4 demonstrates the AI’s effectiveness in managing complex CRM workflows, 

showing that the AI module can handle intricate scenarios with multiple dependencies. 

Data Analysis and Scientific Interpretation: 
 The figure highlights that AI-powered testing successfully navigates and tests 

complex CRM workflows, including multiple system interactions and conditional 

logic. Traditional methods often struggle with such complexity, resulting in missed 

errors or incomplete testing. AI’s ability to model and understand these workflows 

enables comprehensive testing and better error detection. 

3. Error Detection and Analysis 
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Figure 5 presents accuracy improvement metrics over time with AI tools. The accuracy 

steadily improves from 80% to 95% over time. A blue line with circular markers connects the 

data points, while grid lines and axis labels enhance the readability of the chart. 

Table 2: Error Detection by AI vs. Traditional Methods 

Error Type Detected by Traditional Methods (%) Detected by AI Tools (%) 

Data Inconsistencies 50 85 

Integration Issues 40 75 

Functional Errors 60 90 

Data Analysis and Scientific Interpretation: 
 Data Inconsistencies: AI tools detected 35% more data inconsistencies compared to 

traditional methods. This suggests that AI can more effectively identify and resolve 

issues related to data quality and integrity, which is crucial for maintaining accurate 

CRM records. 

 Integration Issues: AI tools identified 35% more integration issues. This 

improvement underscores AI’s capability to detect errors arising from complex 

interactions between different system components, which traditional methods often 

overlook. 

 Functional Errors: The detection of functional errors improved by 30 percentage 

points with AI tools. This indicates that AI’s advanced error detection algorithms are 

more effective at identifying issues related to system functionality and performance. 
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Figure 6 illustrates the efficiency gains in test execution, with a notable reduction in 

execution time. 

Data Analysis and Scientific Interpretation: 
 The time series graph shows a decrease in average test execution time from 120 

minutes to 66 minutes with AI-powered testing. This reduction is attributed to AI’s 

ability to automate repetitive tasks, execute tests in parallel, and optimize the testing 

workflow. The improved efficiency not only accelerates testing processes but also 

reduces the time-to-market for updates and fixes. 

4. User Feedback and Cost Analysis 

 
Figure 7 provides a heatmap of common errors detected by AI tools versus traditional 

methods. 

Data Analysis and Scientific Interpretation: 
 The heatmap shows that AI tools are particularly effective at detecting high-impact 

errors, such as data inconsistencies and integration issues. This visual representation 

highlights AI’s superior ability to identify critical errors that can significantly affect 

system performance and reliability. 

Table 3: User Feedback Summary 

Aspect Before AI Implementation After AI Implementation 
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User Satisfaction (%) 60 85 

Testing Efficiency (%) 50 80 

Error Detection (%) 55 90 

Data Analysis and Scientific Interpretation: 
 User Satisfaction: The increase from 60% to 85% in user satisfaction reflects the 

positive impact of AI tools on the user experience. Improved accuracy and efficiency 

contribute to higher user confidence in the testing process. 

 Testing Efficiency: The 30 percentage point increase in testing efficiency indicates 

that AI tools streamline the testing process, reducing manual effort and accelerating 

test completion. 

 Error Detection: The 35 percentage point improvement in error detection 

underscores the effectiveness of AI tools in identifying and resolving a higher number 

of errors, leading to more robust and reliable testing outcomes. 

Table 4: Cost Analysis of AI-Powered Testing 

Cost Component Traditional Testing ($) AI-Powered Testing ($) 

Initial Setup Cost 10,000 15,000 

Ongoing Maintenance Cost 5,000 4,000 

Total Cost (per year) 30,000 22,000 

Data Analysis and Scientific Interpretation: 
 Initial Setup Cost: Although AI-powered testing incurs a higher initial setup cost, 

this is offset by the subsequent savings in maintenance. 

 Ongoing Maintenance Cost: AI-powered testing reduced ongoing maintenance costs 

by 20%, reflecting fewer manual interventions and lower support requirements. 

 Total Cost: The total annual cost for AI-powered testing was 27% lower than 

traditional methods. This reduction is due to decreased manual labor and enhanced 

efficiency, highlighting the cost-effectiveness of AI tools in the long term. 

The analysis of figures and tables demonstrates that AI-powered automation significantly 

enhances Salesforce testing in terms of efficiency, accuracy, and cost-effectiveness. The 

improvements in test execution time, error detection, and user satisfaction validate the 

effectiveness of AI tools, making them a valuable asset for optimizing CRM testing 

processes. 

Conclusion   

The research conducted on the impact of AI-powered automation in Salesforce testing has 

yielded significant insights that align with the hypothesis that AI tools substantially improve 

the efficiency and accuracy of testing processes compared to traditional methods. The 

empirical data collected demonstrates that AI-powered testing tools lead to notable 

enhancements in several key metrics. Specifically, the average test execution time was 

reduced by 40%, indicating a marked improvement in testing efficiency. Additionally, the 

accuracy of test results showed a significant increase, with AI tools achieving a 15% higher 

accuracy rate compared to traditional testing methods. The error detection rate also improved 

by 20%, highlighting AI's enhanced capability to identify issues that might be missed by 

manual or scripted approaches. 

These findings support the hypothesis that AI-powered tools offer substantial benefits in 

Salesforce testing. The integration of AI facilitates more rapid and accurate testing, thereby 
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reducing the time required for updates and increasing the reliability of the system. The ability 

of AI to process large volumes of data and detect complex patterns contributes to these 

improvements, demonstrating the practical advantages of AI technologies in a real-world 

testing environment. 

However, it is important to note that while the hypothesis is supported, the study also 

uncovered areas where AI-powered tools may face limitations. These include the initial setup 

costs, the need for specialized skills to operate and maintain AI systems, and the potential 

challenges in integrating AI tools with existing testing frameworks. Addressing these 

limitations is crucial for fully realizing the benefits of AI in Salesforce testing. 

Limitation of the Study 

Despite the promising results, the study has several limitations that should be acknowledged. 

One primary limitation is the scope of the testing environments. The empirical tests were 

conducted within a controlled setting, which may not fully capture the complexities and 

variations encountered in diverse real-world Salesforce implementations. This limited scope 

may affect the generalizability of the findings to all Salesforce environments. 

Another limitation is related to the data used in the study. The data was collected from a 

specific set of CRM workflows and scenarios, which may not encompass all potential use 

cases of Salesforce. As a result, the effectiveness of AI-powered testing tools might vary with 

different types of CRM configurations and business processes. 

Additionally, the study focused on a limited set of AI-powered tools, and the findings may 

not be representative of all AI technologies available in the market. The performance of other 

AI tools, which may have different features and capabilities, could differ from the results 

observed in this study. 

The study also did not consider long-term factors such as the scalability of AI tools and their 

adaptability to evolving Salesforce features. Long-term impacts, including potential changes 

in performance over time and the need for ongoing updates and maintenance, were not fully 

explored. 

Implication of the Study 

The implications of this study are significant for organizations using Salesforce or 

considering the integration of AI-powered testing tools. The demonstrated improvements in 

testing efficiency and accuracy suggest that AI can be a valuable asset in enhancing the 

quality assurance processes for CRM systems. Organizations that adopt AI-powered tools can 

expect faster test execution, more accurate results, and better error detection, which 

collectively contribute to more reliable and robust CRM solutions. 

The study's findings highlight the potential for AI to transform traditional testing 

methodologies by automating repetitive tasks and providing advanced analytical capabilities. 

This shift can lead to more agile and responsive testing processes, enabling organizations to 

deploy updates and new features more rapidly while maintaining high standards of quality. 

However, the study also emphasizes the importance of considering the practical aspects of AI 

integration, such as setup costs and the need for specialized skills. Organizations must weigh 

these factors against the potential benefits to make informed decisions about adopting AI-

powered testing tools. 
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Overall, the study provides valuable insights for stakeholders involved in Salesforce testing 

and AI implementation, guiding them in leveraging AI technologies to optimize their testing 

processes and improve overall system performance. 

Future Recommendations 

Based on the study's findings and limitations, several recommendations for future research 

and practice can be proposed. 

1. Expand Testing Scenarios: Future studies should consider a broader range of 

Salesforce environments and configurations to enhance the generalizability of the 

findings. Testing across various CRM workflows and business processes will provide 

a more comprehensive understanding of AI-powered tools' effectiveness in diverse 

settings. 

2. Evaluate Long-Term Impacts: Research should investigate the long-term 

performance of AI-powered testing tools, including their scalability, adaptability to 

evolving Salesforce features, and ongoing maintenance requirements. Understanding 

how these tools perform over extended periods will offer deeper insights into their 

practical viability. 

3. Explore Different AI Tools: Future research should explore a wider variety of AI-

powered testing tools to compare their effectiveness and identify best practices for 

their implementation. Evaluating different AI technologies will help organizations 

select the most suitable tools for their specific needs. 

4. Assess Cost-Benefit Dynamics: Further studies should conduct detailed cost-benefit 

analyses, considering not only the initial setup costs but also the potential for long-

term savings and efficiency gains. This will provide a clearer picture of the financial 

implications of adopting AI-powered testing solutions. 

5. Investigate User Training and Adoption: Research should focus on the challenges 

related to user training and adoption of AI-powered tools. Understanding the learning 

curve and strategies for successful implementation will help organizations overcome 

potential barriers and maximize the benefits of AI integration. 
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